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ABSTRACT  

 

Purpose: This study aims to identify the factors that influence the social media behavior 

of Generation Z in the post-COVID era. A conceptual framework has now been 

constructed. 

Methodology: The purpose of the standardized questionnaire was to collect primary data 

from Generation Z university students employing a non-probability, purposive sampling 

method. 841 people completed the questionnaire. The SmartPLS-SEM4.0.9.9 program 

was used to analyze the study model.  

Results: It seems from the data that social stress, self-regulation, addictive smartphone 

use, and conduct related to social media use were important predictors of social media 

usage behavior. Furthermore, it was shown that the subjective well-being construct's 

moderation component lacked statistical significance. 

Research limitations: The study lacks more generalizability, as it only includes data 

from a limited sample of Generation Z individuals from Bangladesh, specifically those 

residing in the Dhaka region. 

Practical implications: By adding social stress and self-regulation, this study has 

advanced the body of current literature in addition to offering fresh perspectives and 

interpretations on how members of Generation Z use social media. In addition, this study 

aims to advance current understanding by categorizing key components that may promote 

the emergence of addictive behaviors associated with social media and smartphone use. 

Besides, by designing targeted lesson plans and interventions, the study's findings may 

help students become more self-reliant. Institutions that support social stress management 

and responsible technology use can assist students in striking a balance between their 

personal and academic life. 
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Originality: This method will help to better understand how Gen Z uses social media and 

how addictive smartphone use and social media usage habits affect subjective well-being.  

 

Keywords: Generation Z; Social stress; Self-regulation; Addictive smartphone use; 

Social media usage behavior; Subjective well-being 
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1. Introduction  

Smartphones are widely regarded as indispensable components of human existence on a 

global scale. Extensive research consistently shows that students exhibit a significant 

propensity for excessive smartphone usage, with smartphones ranking among their 

preferred devices (Fu et al., 2021; Mahapatra, 2019).  While smartphones provide many 

conveniences, it is important to acknowledge the negative consequences of smartphone 

usage, such as smartphone addiction. Smartphone addiction refers to the compulsive and 

impulsive use of smartphones (Cha & Seo, 2018). An individual's level of severity in 

developing a smartphone addiction is proportional to the rate and length of time that they 

spend using their device (van Deursen et al., 2015). Similar to other addictions, 

smartphone addiction is characterized by its salience, mood modification, and the 

resulting problems it causes in daily life (Samaha & Hawi, 2016). Prior research has 

indicated that persons who experience anxiety (Hong et al., 2012) and loneliness 

(Dayapoglu et al., 2016) are more likely to acquire smartphone addiction due to their 

tendency to feel bashful during social interactions. In the previous decade, contemporary 

mobile technologies have become increasingly widespread. The presence of diverse 

applications, such as social networking sites (SNSs), on smartphones, facilitates the 

connection between users (Fu et al., 2021). People's everyday usage of smartphones has 

coincided with a widespread discussion in the research community about the association, 

favorable or negative, between screen time and behavioral and health consequences 

(Manwell et al., 2022).  

Since the year 2000, previous research has established the significance of mobile 

communication and subjective well-being (Bae, 2019; Chan, 2018; Hu et al., 2017; 
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Munzel et al., 2018). Subjective wellbeing is examined through the utilization of both the 

hedonic and eudemonic traditions in behavioral science research (Dodge et al., 2012). 

The occurrence of COVID-19 as an unforeseen and highly impactful event has resulted 

in significant transformations in several parts of individuals' everyday routines (Khanra 

et al., 2021; Talwar et al., 2020; Wind et al., 2020). More precisely, the analysis of 

subjective well-being during the lockdowns considers various aspects of human 

experience, including cognitive (life satisfaction), psychological (psychological 

discomfort), and mental health (positive mental health) characteristics. While social 

media usage offers numerous advantages to users, particularly during the pandemic 

lockdown (Sheth, 2020), it is important to acknowledge the negative aspects of social 

media. Specifically, the harmful impacts of social media use in the post-pandemic period 

have yet to be thoroughly examined (Dhir et al., 2019; Islam et al., 2020). Generation Z 

(Gen Z), who have been raised in a time of peace and have had access to superior 

technologies, are currently encountering unprecedented difficulties (Osgerby, 2020). The 

impact of social media usage on the psychological well-being of individuals, particularly 

those belonging to Gen Z (people born between the mid-1990s and early 2010s), was 

noted during the pandemic lockdown (Priporas et al., 2017).  

While social media usage offers numerous advantages to users, particularly during the 

pandemic lockdown (Sheth, 2020), it is important to acknowledge the negative aspects of 

social media. Diverse social media platforms have been prominently utilized during the 

COVID-19 pandemic, which has caused widespread anxiety globally. This is primarily 

due to social distancing measures and the closure of educational institutions and 

workplaces, which have impacted the livelihoods and lifestyles of numerous individuals 

(Sarangi et al., 2022).  In the post-pandemic era, current research indicates a significant 

probability of an increase in mental health challenges, suggesting the existence of an 

emotional epidemic curve (Ransing et al., 2020). The post-pandemic context has 

significantly impacted mental health due to the implications on physical health, social 

dynamics, and economic conditions (Prakash et al., 2024). Besides, Sohu and Chaudhary 

(2024) disclosed that post-pandemic smartphone usage among users has surged, resulting 

in a notable rise in physical and psychological symptoms, as well as an increase in BMI.   

Nevertheless, there remains a dearth of studies elucidating the mechanisms underlying 

the correlation between smartphone-mediated online communication and subjective well-

being. Kuss and Griffiths (2017) observed the intersection of social media and 
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smartphone addiction. Gezgin (2018) urged researchers to look into the relationship 

between SNS usage and smartphone addiction in the context of a developing nation, using 

the current Bangladesh study as an example. The study investigates the post-COVID 

scenario of Gen Z users’ social media usage behavior in broader aspects. Individuals 

experiencing psychosocial issues, such as social stress and difficulties in self-regulation, 

tend to favor alternative modes of communication, specifically through smartphones, 

rather than engaging in direct face-to-face interactions.  

The study seeks to ascertain the impact of social stress and self-regulation on addictive 

smartphone usage among Gen Z university students in Dhaka, Bangladesh. In particular, 

this study will concentrate on how the addictive smartphone use of Gen Z drives them to 

drastically increase their use of social media. Furthermore, the study aims to examine how 

the degree to which subjective well-being acts as a moderating factor in the correlation 

between addicted smartphone use and social media use among Gen Z users. 

Consequently, this investigation will furnish the answers to the research problems it has 

presented. 

RQ1: What is the impact of social stress and self-regulation on the addictive smartphone 

use of Gen Z users? 

RQ2: What is the impact of Gen Z users' smartphone addiction on their social media 

usage? 

RQ3: What is the impact of subjective well-being on the addicted smartphone use and 

social media usage behavior of Gen Z users? 

This article has more than one section. The first section serves as an introduction. The 

second component covers the literature review, theoretical foundation, and the 

formulation of hypotheses. The third portion discusses the research methodology. The 

fourth section contains the study's results. The fifth section presents the discussion 

and consideration of both theoretical and practical aspects. The conclusion, study 

limitations, and future research scope have become clearer.  

 

2. Literature Review  

2.1. Theoretical background 
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The study of self-regulatory behavior has traditionally been approached from two main 

theoretical perspectives. Several scholars have proposed that self-regulatory behavior 

represents a relatively stable personality variable (Karoly, 1993) because people act and 

react in certain ways based on their inherent temperamental characteristics (Kopp, 1982; 

Rothbart & Bates, 1998) and because they draw from their prior experiences in goal 

pursuit. According to the psychodynamic theory, smartphone addiction is seen as a way 

to evade frustrations and seek pleasure and forgetting. Smartphone addiction is attributed 

to faulty beliefs and schemata according to the social cognitive theory (SCT) (Bandura, 

1982). This idea facilitates comprehension of the societal aspects of utilizing information 

technology and its subsequent outcomes (Zhou et al., 2014). Social Cognitive Theory 

(SCT) is founded upon the interplay of the individual, their behavior, and the 

environment, encompassing both personal and occupational/educational aspects 

(Bandura, 1986). According to SCT, individuals' behavior can be modified, such as 

reducing smartphone addiction, by altering their perception of personal environmental 

elements, such as improving the environment to enhance their self-esteem. Ultimately, 

smartphone addiction is believed to arise from a confluence of individual, societal, 

communal, environmental, and affective elements (Davis, 2001). 

 

2.2.  Generation Z (Gen Z) 

The oldest individuals belonging to Gen Z are now pursuing their undergraduate 

education (Szymkowiak et al., 2021). They were designated as "digital natives" due to 

their upbringing in the era of digital technology, leading to their early exposure and 

proficiency with social media and the internet (Haddad et al., 2021). Gen Z is widely 

recognized for their exceptional aptitude in technology and their inclination towards 

digital communication as opposed to face-to-face interactions with people (Poláková & 

Klímová, 2019). Their strong reliance on technology for information gathering in all 

spheres of their existence, including schooling, means that they can tolerate very little 

time without digital resources (Szymkowiak et al., 2021). Hence, it is evident that the 

cognitive processes of the younger generation have seen significant changes (Prensky, 

2001; Szymkowiak et al., 2021).  

 

2.3. Social Stress, addictive smartphone use and social media usage behavior 
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Adolescent smartphone addiction is closely linked to stress perception. Engaging in 

frequent smartphone use for social interactions triggers emotional responses marked by 

dishonesty, regret, and heightened stress levels due to the expectation of swiftly 

responding to smartphone communications (Pera, 2020).  Smartphones allow teenagers 

to consistently interact with social media sites, satisfying their need for self-expression, 

interpersonal connections, and social approval. A previous study conducted by Berger et 

al., (2018) showed that individuals with impaired self-regulation are inclined to quickly 

respond to smartphone notifications, indicating that people often struggle to control their 

behavior when it comes to technology habits. Consequently, this leads to elevated levels 

of stress and dependence on these technological devices (Hawk et al., 2019). Individuals 

exhibiting insecure attachment aspects may exhibit problematic smartphone usage as a 

result of challenges in managing stress and as a means of coping with relationship issues 

(Parent et al., 2022).  

The following hypotheses have been proposed: 

H1a: There is a strong positive relationship between social stress and addicted smartphone 

use. 

H1b: There is a strong positive correlation exists between social stress and the social 

media usage behavior of Gen Z users. 

H1c: The excessive use of smartphones by Gen Z users acts as a mediator between social 

stress and their behavior of using social media. 

 

2.4.  Self-regulation, addictive smartphone use and social media usage 

behavior 

Self-regulation encompasses the capacity to withstand both internal and external 

enticements to accomplish a certain goal (Tangney et al., 2018). Studies indicate that self-

regulation can alleviate the negative consequences of addictive behaviors (Geng et al., 

2021).  A recent study suggests that individuals who possess outstanding self-regulation 

have both high levels of well-being and the ability to adapt their behavior (De Ridder & 

Gillebaart, 2017; Servidio, 2021). Self-regulation requires individuals to effectively 

prioritize and maintain focus on stated goals, even when faced with distractions, as 

individuals often have multiple intended outcomes or ends simultaneously (Parent et al., 
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2022). Effective self-regulation promotes personal and collective growth, while 

insufficient self-regulation can result in challenges in adjusting, subpar academic 

performance, reduced well-being, and various other issues (Bassi et al., 2023; De Ridder 

& Gillebaart, 2017). The emergence of addictive behaviors and problems controlling 

cravings for addictive substances are further consequences of this lack of self-control 

(Zhang et al., 2022).  The following hypotheses are proposed: 

H2a: Self-regulation has a significant positive correlation with addictive smartphone use 

among Gen Z. 

H2b: There is a significant positive association between self-regulation and Gen Z users’ 

social media usage behavior. 

H2c: Gen Z users’ addictive smartphone use mediates the relationship between self-

regulation and social media usage behavior. 

 

2.5. Gen Z users’ addictive smartphone use and social media usage behavior 

As educated emerging adults, university students typically view their smartphones as 

important to their identity and way of life  (Long et al., 2016). Smartphone usage has a 

substantial impact on various elements of the daily routines of young individuals, making 

them more likely than other age groups to own the most recent technology breakthroughs 

(Parasuraman et al., 2017). The widespread usage of mobile phones, driven by their 

adaptability and ability to fulfill utilitarian and recreational demands, increases the 

likelihood of mobile phone addiction (Zhang et al., 2022). Smartphone users primarily 

use their devices for online gaming, social networking sites, academic study, and 

entertainment (Abbasi et al., 2021). Research suggests a correlation between frequent use 

of social networking sites (SNS) and social media addiction (Barnes et al., 2019). 

Moreover, if an individual's desire for connection is lacking, they may have apprehension 

about not being able to participate in a gratifying social encounter. Subsequently, 

individuals may resort to using social media as a means to fulfill their desire for a sense 

of belonging, prompted by this concern (Roberts & David, 2020). The excessive use  of 

social media has an impact on one's study habits and possesses the capacity to redirect 

focus away from academic pursuits  (Van Den Beemt et al., 2020). The following 

hypothesis is proposed: 
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H3: There is a direct correlation between the addicted use of smartphone by Gen Z users 

and their social media usage behavior. 

 

2.6. The moderating role of subjective well-being 

The correlation between increased mental health and better social and psychological 

outcomes, such as subjective well-being, has drawn the attention of several researchers 

to this issue (Dodge et al., 2012).  Subjective well-being, often known as psychological 

well-being, is the subjective measure of total life satisfaction (Chan, 2015). Several 

research conducted on college students have confirmed that utilizing smartphones for 

communication is favorably correlated with overall subjective well-being (Chan, 2015). 

In line with these findings, a recent comprehensive study shown that using smartphones 

for communication initially has a beneficial impact on subjective well-being (SWB). 

Nevertheless, this phenomenon does not seem to endure in the long run (Bae, 2019). A 

recent study discovered that smartphone usage has a beneficial impact on the subjective 

well-being (SWB) of older persons aged 35-54 years and 55-70+ years. However, this 

effect was not observed in the youngest age group (Chan, 2018). One potential 

interpretation of the results is that as people age, they desire more close and personal 

connections, and they utilize their smartphones to communicate and sustain these 

relationships, so enhancing their subjective well-being. 

 

In line with these findings, a recent study also demonstrated that the association between 

wellbeing in addition, social media’s intimacy is negative for younger users (Munzel et 

al., 2018), who typically use social media to establish new connections. Despite ongoing 

controversies (Hu et al., 2017; Munzel et al., 2018) and a few studies reporting positive 

associations (Valenzuela et al., 2009; Valkenburg & Peter, 2007). The majority of studies 

have focused on investigating the negative association between social media use and 

subjective well-being, particularly among young users (Meier et al., 2016; Satici & Uysal, 

2015; Van Rooij et al., 2017). The sample of the current study consisted of young 

individuals, Gen Z, who utilize social media for the purpose of social reinforcement. 

Parallel findings are documented in a recent investigation conducted on Malaysian 

university students Sundarasen et al. (2020). Recent studies on the effects of the COVID-

19 pandemic have highlighted the susceptibility of younger age groups in various 
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contexts, including India  Roy et al. (2020), Thailand Nochaiwong et al. (2021), and other 

locations  Deng et al. (2021).The following hypotheses proposed as, 

H4a: Gen Zs’ subjective well-being has a negative association with social media usage 

behavior. 

H4b: Gen Zs’ subjective well-being do not moderate the relationship between Gen Z 

users’ addictive smartphone use and social media usage behavior. 

 

Figure 1: A proposed theoretical model 

 

Source: A proposed theoretical model (Proposed by author) 

 

3. Methodology  

3.1. Sampling, questionnaire development, and data collection 

The survey encompassed individuals belonging to the Gen Z demographic, age group 18-

25 years. The researcher concentrated on university students due to their widespread 

smartphone ownership and active engagement with social networking sites (SNSs) (Koç 

& Turan, 2021).  Throughout the COVID-19 pandemic, Gen Z's engagement with social 

media escalated, while concurrently, individuals exhibited signs of psychological distress 

and mental health challenges (Asmundson & Taylor, 2020). The researcher utilized the 

non-probability, purposive sampling technique to collect the primary data (Easterby-

Smith et al., 2021). The main data was gathered through a self-administered structured 

questionnaire methodology. The primary data collection period extended from September 

2023 to November 2023. In addition, online methods were utilized to collect primary 
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data. These methods included Google Classroom posts, email survey links, Facebook 

groups, messenger chats, WhatsApp, and Instagram posts (Sobolewski et al., 2024). 

Electronically assisted survey methodologies have numerous benefits compared to 

conventional survey methods. The survey disseminated by email showed superior 

performance in terms of time expenditures, and the number of respondents acquired. 

However, they may also create coverage biases and measurement errors (Dodge & 

Chapman, 2018).  

A random sample of 1500 students was selected to conduct this survey. Out of the 841 

completed surveys, 139 survey replies were eliminated from the dataset because the 

respondents’ made errors when filling out the questionnaire. The survey research attained 

a response rate of 56.06%, which is deemed satisfactory. The sample size for this study 

follows the widely established "10 times rule of thumb," which suggests that the minimum 

sample size should be 10 times the intricacy of the interactions in the research model. 

Moreover, the sample size is adequate to generate accurate SmartPLS (PLS-SEM) 

outcomes (Chin, 1998). The comprehensive demographic characteristics of the 

participants are displayed in Table I. The proportion of male respondents was 52.44% of 

the total, while the proportion of female respondents was 47.56%. Out of the participants, 

22.71% held an MBA/MSC degree, 22.59% were in their fourth year of education, and 

20.21% were in their third year of study. The majority of participants indicated that they 

spend more than 7 hours each day on social media platforms, with 26.16% of participants 

falling within this range. 24.97% of the participants allocated 5-7 hours of their time.  

 

3.2. Measures and scaling 

The questionnaire was divided into two sections. The initial segment covered the 

demographic characteristics of the participants, such as their gender, level of education, 

and duration of daily social media activity. The second half covered user social stress, 

self-regulation, addictive smartphone usage, social media usage, and academic 

performance. The researchers evaluated the factors of this study by utilizing standardized 

scales and adapting them to suit the particular study setting. The evaluations for each item 

linked to the dimensions were evaluated using a five-point Likert scale, where "1" 

represented strongly disagree and "5" represented strongly agree. The ten-item 

measurement of social stress was developed based on the work of Carleton et al., (2006). 



 

European Journal of Applied Business Management, 10(2), 2024, pp. 147-174                                 ISSN 2183-5594 

 

 

157 

 

The nine-item measurement was derived from Diehl et al., (2006)’s work. In addition, the 

ten-item assessment of addictive smartphone usage was derived from Bianchi and Phillips 

(2005)’s research. The measurement of social media use consists of six items, which have 

been adapted from Andreassen et al., (2012)’s study. The study additionally employed 

subjective well-being as a mediator construct, utilizing a five-item test derived from 

Diener et al. (1985).  

 

3.3. Data analysis 

The study's hypotheses were evaluated using SmartPLS4.0.9.9 and Partial Least Square 

Structural Equation Modeling (PLS-SEM). As per the research conducted by Hair Jr et 

al., (2021) PLS-SEM exhibited enhanced statistical power in understanding the 

connections between construct routes. The researcher utilized a two-step procedure which 

involved evaluating the measurement model to determine the reliability and validity of 

the constructs and analyzing the structural model to assess its predictive potential and test 

the hypotheses in the research model.  Hair Jr et al., (2010) validate the multivariate 

assumptions, which encompass the absence of data outliers and multi-collinearity 

concerns, as well as the presence of linearity and normal distribution, and an acceptable 

sample size. The study analyzed Harman's unifactorial model, comprising nine 

components (SOS, SER, ASU, SMU, and SWB), with a total of 40 scale items. However, 

none of the individual components were found to be the main factor responsible for 

16.16% of the variation, which is below the 50% criterion recommended by Podsakoff et 

al., (2003).  In addition, the researchers thoroughly examined the common method bias 

(CMB) to verify the model's validity and dependability. This study utilized the Variance-

Inflation Factor (VIF) to evaluate the existence of multi-collinearity across latent 

variables and assessed tolerance. According to Table II, VIF values below 3.3 are 

regarded the threshold level, which is consistent with the findings of the earlier study 

conducted by Kock (2015). The VIF analysis conducted in this study confirms earlier 

research findings by proving the lack of common method bias (CMB) or collinearity. 

 

4. Results  

4.1. Analysis of the measurement model 



 

European Journal of Applied Business Management, 10(2), 2024, pp. 147-174                                 ISSN 2183-5594 

 

 

158 

 

In their study, Hair Jr et al., (2021) assessed the external measurement model. The 

construct's reliability was evaluated using Cronbach's alpha (α), rho_A, and composite 

reliability (CR). The measure's convergent validity was evaluated by the utilization of 

AVE (Average Variance Extracted) and cross-loading approaches, as shown in Table III. 

The Fornell-Larcker criterion model and Hetrotrait-Monotrait (HTMT) ratio were used 

to evaluate the discriminant validity of the analysis, as shown in Tables III and IV. 

 

4.1.1. Construct reliability and convergent validity 

Hair Jr et al., (2021) assessed the reliability, convergent validity, and discriminant validity 

of the measurement model in relation to the research constructs. Table III presents the 

item factor loadings, Cronbach's alpha (α), composite reliability (CR), and average 

variance extracted (AVE). In order to satisfy the requirements, any factor loadings below 

0.5 were excluded. SOS2, SO4, SER1, SER2, SER9, ASU1, ASU9, and SMU6 were 

excluded throughout the data processing phase. The Cronbach's alpha values ranged from 

0.724 to 0.748, surpassing the cut-off levels established by Hair Jr et al., (2021). The 

composite reliability ranged from 0.727 to 0.816, surpassing the recommended threshold 

proposed by Hair Jr et al., (2021).  The AVE values in this study varied from 0.505 to 

0.573, surpassing the 0.50 threshold established by  Fornell and Larcker (1981). 

 

4.1.2. Discriminant validity 

The calculated value within the threshold level based on the Heterotrait-Monotrait 

(HTMT) ratio and the measurement of Fornell and Larcker (1981) is shown in Table IV. 

Therefore, the discriminant validity and reliability of the measurement model have been 

confirmed. The Heterotrait-Monotrait ratio (HTMT) of correlations, as assessed by 

Henseler et al., (2015), was employed to ascertain the discriminant validity of the 

measurement model. The HTMT ratio's discriminant validity is called into question if it 

is higher than 0.90, as suggested by Gold et al., (2001), or 0.85, as suggested by  Kline 

(2015). The HTMT output values are unbiased and considered acceptable in Table V. 

Table I: Demographic profile of the respondents 

Particulars Category Frequency Percentage 

(%) 

Gender Male 441 52.44% 
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Female 400 47.56% 

Level of 

education 

1st year 

2nd year 

3rd year 

4th year 

MBA/MSC 

140 

150 

170 

190 

191 

16.65% 

17.84% 

20.21% 

22.59% 

22.71% 

Time spend 

on social 

media 

platforms 

[daily] 

1-3 hours 

3-5 hours 

5-7 hours 

More than 

7 hours 

220 

191 

210 

220 

26.16% 

22.71% 

24.97% 

26.16% 

 

Source: Researcher’s computation 

 

Table II: Full collinearity statistics (VIF) 

Item VIF Item VIF Item VIF 

ASU10 1.162 SOS1 1.229 SER8 1.103 

ASU2 1.193 SOS10 1.203 SMU1 1.119 

ASU3 1.299 SOS3 1.308 SMU2 1.074 

ASU4 1.259 SOS5 1.200 SMU4 1.170 

ASU5 1.337 SOS6 1.299 SMU5 1.152 

ASU6 1.565 SOS7 1.217 SWB4 1.359 

ASU7 1.538 SOS8 1.264 SWB5 1.381 

ASU8 1.455 SOS9 1.291 SWB 

x 

ASU 

1.000 

SER3 1.225 SWB1 1.248 SMU3 1.117 

SER4 1.248 SWB2 1.436   

SER5 1.126 SWB3 1.308   

 

Source: Researcher’s computation 

 

Table III: Construct reliability and validity and the results of the outer model 

Construct Measurement 

Items 

Loadings α rho_a CR AVE R2 

Social 

stress 

SOS1 

SOS3 

SOS5 

SOS6 

SOS7 

SOS8 

SOS9 

SOS10 

0.530 

0.648 

0.553 

0.620 

0.627 

0.570 

0.570 

0.541 

0.724 0.753 0.816 0.573 0.216 

Self-

regulation 

SER3 

SER4 

SER5 

SER8 

0.503 

0.595 

0.700 

0.722 

0.734 0.742 0.727 0.505  

Addictive 

smartphone 

use 

ASU2 

ASU3 

ASU4 

ASU5 

ASU6 

ASU7 

0.554 

0.578 

0.548 

0.534 

0.696 

0.701 

0.744 0.744 0.817 0.562 0.355 
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ASU8 

ASU10 

0.660 

0.508 

Social 

media use 

SMU1 

SMU2 

SMU3 

SMU4 

SMU5 

0.657 

0.502 

0.650 

0.626 

0.506 

 

0.748 0.746 0.727 0.551 0.398 

Subjective 

well-being 

SWB1 

SWB2 

SWB3 

SWB4 

SWB5 

0.549 

0.731 

0.640 

0.760 

0.738 

0.727 0.753 0.816 0.573  

 

Source: Researcher’s computation 

 

Table IV: Discriminant validity-Fornell and Larcker criterion model 

Construct ASU SER SMU SOS SWB 

ASU 0.602 
    

SER 0.307 0.636 
   

SMU 0.484 0.485 0.592 
  

SOS 0.484 0.342 0.377 0.582 
 

SWB 0.199 0.354 0.380 0.136 0.688 

 

Source: Researcher’s computation 

 

 

Table V: Heterotrait-Monotrait ratio (HTMT) 

Construct ASU SER SMU SOS SWB SWB 

x 

ASU 

ASU 
      

SER 0.454 
     

SMU 0.736 0.794 
    

SOS 0.644 0.494 0.545 
   

SWB 0.288 0.595 0.546 0.192 
  

SWB x 

ASU 

0.033 0.013 0.146 0.079 0.063 
 

 

Source: Researcher’s computation 

 

4.2.  Assessment of structural model 

Henseler et al., (2015) determine the explanatory power of a structural model by 

multiplying the squared multiple correlations (R2) by the significance level of the path 

coefficients. The research demonstrates a significant positive correlation between the 

addicted use of smartphones by Gen Z and their behavior in using social media. The 
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statistical significance of this link is confirmed by a p-value below 0.05. The combined 

variables SOS and SER account for approximately 35.5% of the variability observed in 

social media consumption behavior. The standardized path coefficient between the 

dependent variable of addictive smartphone use and the behavior of using social media, 

while engaging in them, was 0.355. The model achieved an R2 value of 39.8%, surpassing 

the acceptable significance level of 0.20  (Yang & Peterson, 2004).  

The study model's path coefficient was determined using bootstrapping, a technique that 

involved producing 5000 t-values and p-values (Hair et al., 2020).  Table VI indicates 

that hypotheses H1a and H1b were confirmed, and the influence of social stress (SOS) on 

ASU (β = 0.429, t = 9.274, and p = 0.000) and SMU (β=0.105, t=2.698, p=0.007) was 

shown to be statistically significant. In addition to H2a and H2b, the results indicated that 

SER had a substantial impact on ASU (β=0.160, t=3.590, p=0.000) and SMU (β=0.282, 

t=6.775, p=0.000), providing support for the presented hypothesis. In addition, ASU had 

a significant impact on SMU. Moreover, H3 was determined to be statistically significant 

and favorable, providing support for the hypothesized hypothesis (β=0.305, t=7.030, 

p=0.000). Furthermore, the SWB had a favorable impact on SMU. Additionally, H4 was 

determined to be statistically significant and provided support for the hypothesized 

hypothesis (β=0.205, t=5.180, p=0.001). The moderating construct, SWB, was 

determined to be not statistically significant, leading to the rejection of the hypothesized 

hypothesis H4b (β=-0.004, t=0.103, p=0.918). Furthermore, the researchers analyzed the 

magnitude of the effect (f2). The f2 values for the significant independent variables were 

0.02, 0.15, and 0.35, which corresponded to mild, moderate, and significant effects, 

respectively (Cohen, 1992). The magnitude of effect sizes f2 is significant as they govern 

the representative impact of several variables in the study model (Henseler et al., 2015).  

Table VI displays the range of the model's effect size, which varied from 0.000 to 0.219. 

Table VI: Hypotheses testing 

H. Structural 

paths 

Path 

coefficients  

(β) 

t-

values 

p- 

values 

f-

square 

Effect 

size 

LLCI ULCI Decision 

H1a SOS -> 

ASU 

0.429 9.274 0.000 0.219 Moderate 0.331 0.515 Accepted 

H1b SOS -> 

SMU 

0.105 2.698 0.007 0.013 Minor 0.027 0.178 Accepted 

H2a SER -> 

ASU 

0.160 3.590 0.000 0.031 Minor 0.070 0.243 Accepted 
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Source: Researcher’s computation 

 

 

4.3. Testing of mediation effects 

The study's mediation results are displayed in Table VII, demonstrating the level of 

communication on Gen Z consumers' smartphone addiction. The bootstrapping analysis 

has identified the indirect effects of social stress, H1c, (β=0.131, t=5.395, p=0.000) and 

self-regulation, H2c, (β=0.049, t=2.989, p=0.003). The bias-corrected 95% confidence 

intervals (CI) for the indirect effects of SOS (LLCI=0.087, ULCI=0.182) and SER 

(LLCI=0.020, ULCI=0.083) are not between 0 and 1. According to  Preacher and Hayes 

(2008), this indicates the presence of mediation. The correlation between social stress and 

self-regulation in Gen Z individuals is influenced by their smartphone addiction, as 

indicated by the indirect effects observed in mediation studies. These findings provide 

further evidence supporting the postulated connections between H1c and H2c. 

 Table VII: Testing of mediating effects 

 

 

Source: Researcher’s computation 

 

4.4. Testing of moderation effects 

 

The study's moderating results are displayed in Table VIII, showcasing the level at which 

Gen Z consumers' smartphone addiction has been conveyed. The bootstrapping analysis 

H2b SER -> 

SMU 

0.282 6.775 0.000 0.103 Minor 0.200 0.363 Accepted 

H3 ASU -> 

SMU 

0.305 7.030 0.000 0.115 Minor 0.220 0.389 Accepted 

H4 SWB-> 

SMU 

0.205 5.180 0.001 0.061 Minor 0.124 0.279 Accepted 

H4b SWB x 

ASU -> 

SMU 

-0.004 0.103 0.918 0.000 Minor -

0.074 

0.066 Rejected 

H. Structural 

paths 

Path 

coefficients  

(β) 

T-

values 

P- 

values 

Confidence 

interval (CI) 

 

Decision 

LLCI ULCI 

H1c SOS -> 

ASU -> 

SMU 

0.131 5.395 0.000 0.087 0.182 Accepted 

H2c SER -> 

ASU -> 

SMU 

0.049 2.989 0.003 0.020 0.083 Accepted 
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has identified the moderation connection, H4b, (β=-0.004, t=0.103, p= 0.918). The effect 

size, also known as f-square, was determined to be 0.010, indicating a small magnitude. 

The bias-corrected 95% confidence-intervals (CI) for the moderation effects of LLCI= -

0.074, and ULCI=0.066. The study findings indicated that the postulated hypothesis H4b 

did not provide evidence for the presence of a moderation effect. 

 

Table VIII: Testing of moderation effects 

Source: Researcher’s computation 

 

5. Discussion 

This study investigates the influence of social stress, self-regulation, addictive 

smartphone usage, social media behavior, and the moderating effects of subjective well-

being on university students who are part of Gen Z. To achieve this objective, the authors 

proposed a theoretical framework to analyze these ideas. The results of our study suggest 

that there are robust positive connections, both direct and indirect, among social stress, 

self-regulation, addictive smartphone use, and social media usage behavior. In contrast, a 

detrimental association was shown between excessive smartphone usage, social media 

behavior, and subjective well-being. This indicates that the proposed theory lacks a 

moderating impact. These findings strengthen our comprehension of the components that 

lead to social stress and self-regulation, hence expanding our knowledge on preventing 

smartphone addiction and excessive usage of social media. 

This study examines the relationship between social stress and the moderating influence 

of smartphone addiction and social media usage behavior. University students frequently 

cultivate a reliance on mobile phones as a method of evading social and emotional 

stressors. This addiction functions as a means of alleviating the adverse feelings and 

encounters linked to academic life (Chiu, 2014). The hypotheses H1a and H1b put 

forward in this study have shown statistically significant positive connections, as 

H. Struct

ural 

paths 

Path 

coeffic

ients  

(β) 

t-

values 

p- 

values 

f-

square 

Effect 

size 

LLCI ULCI Decision 

H4b SWB 

x ASU 

-> 

SMU 

-0.004 0.103 0.918 0.000 Minor -0.074 0.066 Not 

moderated 
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demonstrated by the previous studies (Berger et al., 2018; Chicca & Shellenbarger, 2018; 

Hawk et al., 2019; Pera, 2020). Furthermore, the study of indirect effects showed a 

significant and positive relationship between excessive smartphone use, social stress, and 

engagement in social media consumption. This finding provides support for hypothesis 

H1c. Individuals displaying insecure attachment dimensions may develop problematic 

smartphone usage due to difficulties in stress management and as a mechanism for dealing 

with relationship problems (Parent et al., 2022).  

The study also examines the function of self-regulation and the mediating effect of 

smartphone addiction and social media usage behavior. The study results indicated that 

the hypothesized hypotheses H2a, H2b, and H2c were confirmed. The present study's 

results exhibited outcomes that were comparable to other investigations (Bassi et al., 

2021; Cho et al., 2017; Geng et al., 2021; Parent et al., 2022; Zhang et al., 2022).   Further 

investigations carried out in South Korea and Lebanon have shown a connection between 

diminished self-restraint, elevated stress levels, and amplified smartphone dependency 

(Jeong et al., 2016; Samaha & Hawi, 2016).  Conversely, van Deursen et al., (2015) found 

that there is a negative relationship between self-regulation and addictive smartphone 

behavior in their study on this topic.   

The study also examines the ramifications of addictive smartphone usage and social 

media usage behavior. The study's findings confirmed the validity of the stated hypothesis 

H3. The present study's results confirmed the findings of previous research (Abbasi et al., 

2021; Jeong et al., 2016; Lee et al., 2018; Van Den Beemt et al., 2020; Vizcaya-Moreno 

& Pérez-Cañaveras, 2020).  In addition, if someone lacks a desire for social connection, 

they may feel anxious about not being able to engage in a fulfilling social interaction. 

Consequently, people may turn to using social media platforms to satisfy their need for a 

feeling of belonging, driven by this worry (Roberts & David, 2020).  Overuse of social 

media can have positive and negative effects on students' academic performance, 

relationships with others, and general well-being  (Jha et al., 2016). 

Based on hypothesis H4a, the study investigates the association between social media 

usage behavior and subjective well-being. The study findings confirmed that hypothesis 

H4a was supported and consistent with the existing research (Meier et al., 2016; Munzel 

et al., 2018; Satici & Uysal, 2015; Van Rooij et al., 2017; Zhang et al., 2023).   In contrast, 

the authors have suggested the presence of a moderating link, namely subjective well-
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being, between addictive smartphone use and the social media usage behavior of Gen Z 

users. The results indicated that the proposed hypothesis did not have a moderating effect 

on the hypothesized relationship H4b, which led to the rejection of the stated hypothesis.  

Bangladesh's socioeconomic environment and Gen Z's traits and psychological fallout 

(Shiraev & Levy, 2020) disprove the hypothesis. A potential argument for rejecting the 

hypothesis may be the contextual differences and methodological disparities between 

industrialized and developing countries, as well as the study's sample size, sampling 

methodology, statements adaptation strategy, personal attributes of the respondents, and 

data analysis techniques (Snyder, 2022). Additionally, a recent study by Su and He (2024) 

found that demographic factors like a student's country of origin, level of education, and 

family income impact their subjective well-being. This study examines university 

students' subjective well-being and investigates the relationship between smartphone 

addiction (Su & He, 2024) and social media usage behavior. Moreover, the complex 

association between addictive smartphone use and addictive social media usage behavior 

may be mediated or moderated by an additive construct, which would account for the 

inconsistent findings in the literature (Gerson et al., 2016).  

 

5.1. Theoretical implications  

The findings of this inquiry contribute to this field in multiple ways. To begin with, based 

on the inconclusive findings of previous research, which are considered to be prospective 

areas for further investigation, a conceptual framework is proposed. Furthermore, the 

predominant focus of social media research has been on the active utilization of social 

media by Gen Z and the possible adverse impacts that social media may have on this 

demographic (Liu et al., 2021; Marciano et al., 2022).  This study examines the impact of 

social media on users' subjective well-being within the framework of psychosocial theory. 

It has been both conceived and empirically demonstrated to provide a substantial 

contribution to the theoretical understanding of the issue. The extent to which subjective 

well-being might predict problematic smartphone usage patterns among university 

students has not been extensively studied, despite a growing body of research that has 

identified specific patterns of problematic smartphone use among Gen Z students. 

Secondly, factors like social stress and self-regulation are included in this study. 

Deficiencies in self-regulation have been widely acknowledged as a substantial risk factor 
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for the development of problematic smartphone usage (Parent et al., 2022; van Deursen 

et al., 2015). Furthermore, there is a theoretical proposition that suggests perceived stress 

plays a crucial role as a catalyst for the emergence of mobile phone addiction, as it is 

indicative of detrimental behavior (Parent et al., 2022). In the context of Bangladesh, there 

has been limited study that has combined these concepts and examined them from the 

perspective of university students belonging to Gen Z. This study, which had a sample 

size of 841 respondents, offered robust evidence for the constructs under the examination 

of these features, was conducted through an online survey and a structural equation 

modeling (SEM) approach. 

 

5.2.  Practical implications 

This study seeks to elucidate the intricacies of smartphone addiction in this demographic 

by analyzing these interactions and to offer valuable guidance for the diverse stakeholders 

involved in addressing and resolving this problem. Educational institutions might use the 

findings of this study to develop unique lesson plans and interventions that enhance 

students' capacity for self-regulation. Institutions can facilitate the equilibrium between 

students' academic and personal lives by advocating for proper technology usage 

practices and implementing strategies for managing social stress. Mental health 

professionals might incorporate the research results into their counseling and treatment 

sessions. Therapists can develop programs that target self-control and social stress 

to handle smartphone addiction more effectively and assist Gen Z individuals in acquiring 

better-coping mechanisms. Hence, the research holds significant implications for several 

stakeholders involved in the welfare of Gen Z. The collaboration between these parties 

can effectively mitigate the detrimental consequences of smartphone addiction by 

addressing the concerns described in this study. 

 

6. Conclusion  

The results of our study enhance the existing knowledge on social stress, self-regulation, 

addictive smartphone use, social media usage behavior, and the subjective well-being of 

Gen Z individuals. The study’s offer a comprehensive analysis and comparison of these 

notions. Prior study examined the relationship in various ways, but it did not give 
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sufficient importance to the combined dimensions, especially when considering emerging 

nations. Furthermore, smartphones significantly improve the level of convenience in our 

daily lives. Nevertheless, this study has found two distinct constructs that signify patterns 

of addicted smartphone usage behavior. These structures have been empirically 

demonstrated to exhibit a substantial positive connection with smartphone usage 

behavior. Utilizing social media is justified in view of the psychosocial concerns 

emphasized in the study findings. The study data show that the suggested moderating 

hypothesis was not supported, despite the fact that the negative use of smartphones and 

social media has a substantial influence on subjective well-being. Although smartphone 

usage may not initially diminish an individual's subjective well-being (Satici, 2019), the 

onset of addiction can correlate with a decrease in subjective well-being, thereby 

impacting feelings of loneliness. These findings have significant implications for 

improving university students' subjective well-being (Su & He, 2024). The authors sought 

to examine the specific research objectives that they underlined in this study. The authors 

emphasized the problem of contemporary distractions in daily life and proposed that 

conducting further research in the field of literature would help comprehend the influence 

of smartphone devices and associated tools on the emergence of social anxiety in young 

individuals. 

 

6.1. Limitations and scope of the future research study  

Given the recent emergence of smartphones, there is a lack of prior research investigating 

the correlation between smartphone addiction and psychosocial stress. Nevertheless, 

because of the established link in the research findings, there is now a feasible opportunity 

to conduct further examinations on samples from both homogeneous and heterogeneous 

cultures. Furthermore, it investigates the extent to which the subjective well-being of Gen 

Z individuals influences this connection. There are certain limitations to our investigation.  

This study's strength is that it is the inaugural research in the Bangladeshi context 

addressing the psychosocial difficulties of Gen Z. The total sample of 841 university 

students from Dhaka city, Bangladesh is scarcely representative of the entire Gen Z 

population in Bangladesh. However, the author's sample is typical of the Gen Z 

demographic. Future studies may include a larger sample size to yield significant 

conclusions. Second, using cross-sectional data is a constraint, indicating that future 
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research should incorporate longitudinal studies that integrate both longitudinal and 

cross-sectional data. Longitudinal study designs can be implemented across several 

countries with diverse demographic and sociocultural factors, including socioeconomic 

class, age group, marital status, family dynamics, religious norms, and community 

support. Third, our study findings originate from a single country; the author should 

consider that socioeconomic and cultural differences that may influence the variations in 

social stress, self-regulation, smartphone addiction, addictive social media use, and 

subjective well-being about life satisfaction. In addition, additional construct dynamics, 

or moderated-mediated constructs, can be added to comprehend the new findings, which 

are not specific to Gen Z but can be applied to cohorts across other generations. The fourth 

restriction of this study stems from the utilization of a structured self-reported 

questionnaire, purposeful sampling, and survey data. Psychometric informatics research 

methods can assess participants' actions, offering empirical social media usage statistics 

rather than relying on subjective views (Hussain et al., 2019). Subsequent investigations 

may utilize objective measurement instruments to augment the scientific rigor of the 

research. Furthermore, the study just analyzed two domains to measure the correlation 

between addictive smartphone use and addictive social media use. In addition, the 

concepts of sadness, anxiety, loneliness, aggression, life satisfaction, and other 

psychosocial constructs will be employed to evaluate the connection.  

 

 

List of Abbrevations 

GEN Z- Generation Z; SOS-Social stress; SER-Self-regulation; ASU- Addictive 

smartphone use; SMU-Social media usage behavior; SWB-Subjective well-being; LLCI- 

Lower-level confidence level; ULCI-Upper level confidence interval; SCT-Social 

cognitive theory 
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